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BACKGROUND

*  Joined WWT in 2009

» 20+ years in Next-Generation Technology including Virtualization, VDI, Automation,
DevOps & Agile Infrastructure, Cloud, Portfolio Strategy, and Artificial Intelligence

EXPERIENCE

* Al Practice Strategy (WWT 2023-Present)

» Portfolio Strategy & Operations (WWT 2019 — 2023)
* Cloud & Automation Practice (WWT 2014-2019)

* Virtualization Practice (WWT 2009-2014)

« Server Centric Consulting — Acquired by WWT in 2009, focused on
enterprise scale Virtualization, VDI, Citrix at Enterprise Scale

FUN FACTS

Proud Dad of 3 — Jackson 9, Christian 6, and Eve 3.
Avid boating family — can find us often in a cove @ LOTO

» Lived in the Florida Keys for 8 years.
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Al Hype: Buzzword Bingo
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Al Capabilities are Evolving Rapidly

Test scores of Al systems on various capabilities relative to human performance
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Reading comprehension with
unanswerable questions
Reading comprehension
Image recognition

Language understanding
Nuanced language interpretation
Handwriting recognition
Speech recognition
Predictive reasoning

General knowledge tests
Math problem-solving

Code generation

Complex reasoning

Our World
inData

For each domain, initial performance is setto -100.
Human performance is used as a baseline, set to zero.

When the Al’s performance crossesthe zero ling, it
scored more points than humans.

https://ourworldindata.org/artificial-intelligence




Al Capabilities are Rapidly Becoming Superintelligent

Scenario: Intelligence Explosion
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We’re Already Evolving into Agentic Al

Al CHATBOT

Human-driven
Simulates conversation,
limited scope,
inflexible context

=/
Al Assistant

Human-Driven
Personalized conversation,
understands context,
integrates ecosystem

PUBLIC

Al AUTOMONI
T

C AGENTS

Machine-Driven
Goal driven, complex
tasks, makes decisions,
adapts dynamically




Today’s Agency Gap - A Visualization

@ Deterministic chatbots @ LLM-based assistants @ Human agency

Low agency High agency
+— Alagencygap ——»
Adaptive

Static ¢

Reactive — » Proactive planning
Simple tasks Complex goals
Simple Complex
environment environment
Supervised » Autonomous

Source: Gartner Gartner
© 2024 Gartner, Inc. and/or its affiliates. All rights reserved. 3176213 ®
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What is an Al Agent?

Agentic Al solves problems through four steps:

1. Perception/Data: Al gathers and processes data
" Perception from various sources, recognizing meaningful
features, objects, and relevant entities.

Multi-modal fusion:

< >
Camera | Text = Audio @ Sensors 2. Cognition/Logic: A large language model
orchestrates tasks, generates solutions, and
f‘v coordinates specialized models using techniques
m i like retrieval-augmented generation (RAG) to deliver
- 5 . S Decision accurate outputs.
Knowledge base making
ser Reques - 3. Action/Automation: By integrating with external
tools via APIs, Al executes tasks based on
., ExecutingTasks: formulated plans. Guardrails ensure proper task

execution.

Physical actions in real-world Monitor

4. Iterate/Learn: Al continuously improves through
feedback loops, adapting and enhancing models
for better decision-making efficiency.

There may be dozens of Al models in the graphic above!

Graphic source: https://markovate.com/blog/agentic-ai-architecture/ PUBLIC




Sample Architecture of an LLM-Based Al Agent

Interaction I-co)-l Core agent components Resources
Owner
= | e« . B e
User Goal LLM(s) APIs
g l Sensing/
Input €0 o T acting
R e i T R e
Result Orchestration Tools Information
@ (via RAG)
Service
(a8 — Memory &@
(v, v/ (short- and Code
Other agent long-term) execution

Gartner %
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“Agentic” Al is Today — Conceptual Example

) Observer Al Agent ",
B S Passively providing feedback T "

i Consmnuy |eaming : M T E R R R
. » Observer Al Agent context ", Feedback Loop
-' * Larger LLM ex: GPT-4 .
ia "Al AgentA Al Agent B Human Agent. _
.+'Al agent A context * Al agent B context * Human agent’s context
* Larger LLM - ex: GPT-4 « Access to sub-agents "+, )

.+" + Larger LLM - ex: GPT-4

™ .

+" ... Sub-agents operate resources: humans, APIs, tools + write queries, ephemeral functions on the fly +« « -

Sub-agent B Sub-agent C Sub-agent D Sub-agent E Sub-agent F Sub-agentG  Human SU.b-agent

.<>....<>...<>...<>....<>....<>....<>....<>...'.'<>

sm;-agent A

T it il S e T R e T BT T L)

https://onereach.ai/wp-content/uploads/2024/05/Al-Agents-Whitepaper.pdf
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What’s Hot? GenAl Use Case Comparison Matrix

Correlation Key: [ Very Strong [ Strong Medium Weak | | No Correlation/Use Case Was Not Discovered
Business Enhanced
value competitive

achieved Operational improvements differentiation Improve GTM
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GenAl-enabled knowledge
management/search
GenAl-enabled

virtual assistants
Content generation:

text and translation
Data, image and

video analytics

-

Software development

Content generation:
image and video
Simulation (synthetic
data, scenario planning)

Source: Gartner
809924 _C

Gartner




Streamlining Monitoring and Observability

Agentic Al Systems

* Al-powered and designed to operate
autonomously, making decisions and i ostantial cost savings
performing tasks without constant
human supervision

Accelerate incident resolution and reduce
* Address the growing complexity of IT network downtime

environments and ERP systems

. ldentify trends and proactively address issues,
* 85% of enterprises are expected to P y 4

transforming IT operations into self-healing

iImplement Al agents by 2026 systems

Vision: Fully autonomous agents resolving incidents with minimal human intervention

V&'
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Monitoring, Observability, GenAl, Agentic Compared

Incident
Detection

Alert
Handling

Root Cause
Analysis

Response
Time

Decision
Support

Automation

Learning &
Improvement

Tracks predefined
metrics and alerts

Generates alerts
based on thresholds

Limited to known
issues

Measures MTTD,
MTTA, and MTTR

Provides data for
manual decision-
making

Limited automated
responses

Relies on manual
analysis of past
incidents

MTTD, MTTA, MTTR,
and MTTC

Provides holistic view of
system state for faster
detection

Correlates datafor
context-rich alerts

Enables deep dive into
logs, metrics, and traces

Improves incident
response time

Offers context for
informed decisions

Enables some
automated workflows

Facilitates post-incident
learning

System availability,
performance metrics

Summarizes incident details, providing a concise
overview of the issue, its impact, and any actions
taken

Faster manual triage, making lengthy and
technical alert messages easier for both SME and
non-experts to comprehend, enabling quick
decision-making and issue resolution

Simplifies complex logs, making it easier to
identify patterns and anomalies that could
indicate root causes

Reduces MTTR through manual actions

Can generate response suggestions

Generates automated human-like responses to
common user queries orissues that are tailored to
user’s specific needs

Increases learning time through rapid knowledge

search

MTTR and MTTA

PUBLIC

Autonomously analyzes signals
to identify potentialincidents

Triages and prioritizes alerts,
reducing noise

Identifies true cause-effect
relationships

Reduces MTTR through
automated actions

Recommends mitigation actions
based on past incidents

Executes complex automated
response sequences

Continuously learns and evolves
response strategies

Incident Resolution
Effectiveness Score




The Evolution of an Agentic Network Engineer

Step-by-step roadmap

GenAl+RAG 71 2

Agentic Al -

1.

Implement Retrieval-Augmented Generation (RAG) System

. Aggregate and analyze incident data to categorize and tag routine,

repeatable incidents

. Design and train Al agents to handle most common, well-

understood incidents. Ensure output learning happens day one.

. Embed Al agents and RAG into your ITSM and monitoring platforms

. Expand scope of automation by training agents on more complex

incident types

. Move towards autonomous incident management for routine and

moderately complex incidents

Ad day
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RAG Model for Network Incident Management

Retrieval-Augmented Generation RAG-Based Information Retrieval Flowchart
(RAG) model enhances GenAl
models by connecting them to SEEr Qe

external data sources
. _ Retrieve Relevant Passages
° Tra|nS on a” network“’]g and (from manuals & documentation)
datacenter equipment manuals
) Augment with Context
« Enables rapid access to relevant (if needed)
troubleshooting information

. . Generate Targeted Answer
* Reduces Mean Time to Repair (usmggLLM)

(MTTR)

Provide Answer to User’s Query

Ad day
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Our Agentic Network Assistant

X

* Automates network troubleshooting,

Navigation * WWT Agentic Network Assistant

configuration validation and Goto
compliance checks for enterprise IT rome
© Multi-Device Site Query
enVlron me nts. Single Device CLI Command
Runbook Execution M 4
. o (&7 Query an Entire Site
* Translates natural language queries Cisco Documentation Query Selectasiteto query
into CLI commands, executes them on Minneapolis, MN Office v
netwo I’k deVICGS Vla SSH, analyZGS Fnteracommand or request (e.g., 'Show BGP neighbors'): EQlfrVasi'n‘glilﬁ‘”ce

outputs using Al and provides
actionable insights

= Config Compliance Report

Golden Configuration Running Configuration Il o ot oo o 5 e s
* Integrates with Cisco documentation ; -
! Last configuration change at 15:44:38 UTC Tue Feb 11 2025 by et
for reference and supports automated adrmin !
! version 17.12
1 H wversion 17. service timestamps debug datetime msec localtime show- E cliOutput
ru n b o O k eXe C u t I o n to St re a m l'l n e service tli:'lztamps debug datetime msec localtime show- rimeznnte mpacenm e o "
. timezone service timestamps log datetime msec localtime show-
n etWO rk Op e rat I O n S . service timestamps log datetime msec localtime show- timezone
timezone service internal

platform gfp utilization monitor load 80
platform gfp utilization monitor load 80 platform punt-keepalive disable-kernel-core
platform punt-keepalive disable-kernel-core platform hardware throughput level 250M
platform hardware throughput level 250M !

! hostname FCW23070HAS
hostname ir1101-router !

! boot-start-marker

Demo Link - https: //www.wwt.com/video/the-wwt-agentic-network-assistant SUBLIC
NN



https://www.wwt.com/video/the-wwt-agentic-network-assistant
https://www.wwt.com/video/the-wwt-agentic-network-assistant
https://www.wwt.com/video/the-wwt-agentic-network-assistant
https://www.wwt.com/video/the-wwt-agentic-network-assistant
https://www.wwt.com/video/the-wwt-agentic-network-assistant
https://www.wwt.com/video/the-wwt-agentic-network-assistant
https://www.wwt.com/video/the-wwt-agentic-network-assistant
https://www.wwt.com/video/the-wwt-agentic-network-assistant
https://www.wwt.com/video/the-wwt-agentic-network-assistant

Technical Overview — WWT Agentic Network Assistant

Ask Networking
Questions Direct T T T T T T T TS EEEEEEEEEEEEEEEEE ST \
using Cisco I Prompt Engineering I
Documentation | |
| “You are a highly skilled network engineer that |
: responds with a single CLI command without any pipe :
1 (*]") filters.”
I A J
L e o e e o e e o e e e e e e e M M M M J
Enter \\ Y%’ RAG with NetApp and NVIDIA
Runbook 7, GLUE Environment NIMswn etApp an
Name Pt ke N T - \
1 |
: @ , | nvibia |
| NVIDIA. I v dfr]n H100 - N%
Que I Hape. | cIsco s NIN: L lama
Sinng!e’ ! A100s Natural Language ?nsmld : S I Automated 'ﬁéﬁa I Con;er:tm(:\:ery
' _I—’ . Connection to — ::.""'"": Tr°Ubla5h°°ting Requires Retrieval Logic —_— OUtPUt
Device or | to CLI Command I Network 1 and Diagnostics [ C S vantsesing)
Site I | o Device Conﬁg_ I
I | A Network Agnostic I
, . I run: |
\ ) RAG
compare —————————————————— e e - e e e e
Config to 1
Golden T s :
1 1
' Dynamic Data Static Data '
1 1
! NITIIE Data :
| cIsco » Ingestion |
: Cisco :
i Networking Chunks / Vector !
: POF Embedding Database !
I I
1 !
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Building Confidence in Agentic Systems

Analytics

Automated Action

Incident Persona Monitoring Alerts Analytics Automated Action
Workflow Use Case #1 *’ Multiple A'e”j
Disk Failure [ Utlization
Too High Test Trigger: APM/SIM Health Forward events [ | | Remediation
(Persistent Violations) Transfer large ™1  Rule for Disk into pipeline > Event Correlation > Disk Cleanup
file onto disk Usage Violates ’ l l Automation
P1outage on x/x/xx Users '_Req“ireme“ts | Req”iremi Incident Persona Monitoring Alerts
lasted 1day Experience o Hy
Slow or deg
Unresponsive . Dii Workflow Use Case #2 Requirements
Estimated MTTR with Services th Network Issues: Users

workflow: ~15 minutes

e Gradual Transition
minimizes risk

e Build Trustin Al

systems by starting with

low-stakes tasks

* Demonstrate value

through measurable

time savings

User and Authentication

(Multi-Tool Correlation)

P1 outage on x/x/xx
lasted 18 hours

Experience
Login Issues

» Simulated login synthetics

» Expected response conditions

« Multiple Alerts

« Integration of synthetic events into pipeline

;—Multiple Alerts

Estimated MTTR with
workflow: ~15 minutes

Test Trigger:
Synthetics
Jobs Fail
OR
Calls Per
Minute
Violates
Expected

Baselines

Login Synthetics
Fail

Forward events

into pipeline

Y

A

Calls Per Minute
Health Rule
Violates

Requirements

« Health Rule defined

« Baseline established

« Calls per minute violates

—»  Event Correlation

| Remediation

tInlelligent Feedbzﬂ:kJ

Requirements

« Change
Management

* Quality data

« Correlation ruleset

« Integration to ITSM

platform

—

e
==

‘ Notify ServiceDesk

Requirements

« Suspected root
cause

* Appropriate Root
Owner

« Affected Owners

« Automation

- Candidates

PUBLIC

Ad day




Agentic Al -Things to Consider

Goal Ambiguity & Planning & Reasoning Tool Use & Integration Memory, State, and
Misalignment Complexity Context Retention

Evaluation & Trust Safety & Alighment Security & Access Organizational
Control Readiness

PUBLIC



Anthropic’s MCP (Model Context Protocol)

* Open-Source Standard

* Adopted by OpenAl SDK in March 2025

* Adopted by Google Gemini SDK in April 2025

- Supported with NVIDIA AgentlQ

| What is the [MCP' by Anthropic?

MCP Host

¥ Claude

97‘0\0
o

Core Building Blocks of MCP
Transport Layer

Transport Layer

) ByteByteGo

L §

Traditional Integration vs MCP Approach

Traditional: NxM Connections
Model 1 . . Database

e v
Model 2 : < s Cloud Storage

|

Model 3

Each model needs custom integration
with each data source

9 Total Connections

Model 1

Model 2

Model 3

MCP: N+M Connections

Database

Cloud Storage

Models and data sources only need
to integrate once with MCP

6 Total Connections

If agentic Al is the robot employee, MCP is the
company badge that gets thatemployee through
every door—data warehouses, CRMs, code repos—
without rewriting the locks each time.

PUBLIC
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NVIDIA Agent Intelligence Toolkit (AgentlQ)

User Interface Layer Data & Registry Layer
CLI Module l | FastAP! Interface ‘ Data Models Registry Handlers
triggers triggers supplies supplies

Workflow Engine Layer
Workflow Builder
deployed_with-—deployed_with orchestrates orchestrates orchestrates orchestrates

Deployment & CI/CD Layer
Ageft Modules 1

v
Development Container " ‘ Cl Scripts " manitored_by Runtime Module React Agent Reasoning Agent Tool Calling Agent

meonitored_by monitored_by uses uses uses
L Evaluation § Observability L Plugin & Iptegration Layer § NV' D IA AgentlQ
‘ Evaluation Profiling | | Observability | Plugins Directory "
AgentlQ is a flexible library designed to seamlessly integrate your enterprise agents—regardless of framework—
with various data sources and tools. By treating agents, tools, and agentic workflows as simple function calls,
AgentlQ enables true composability: build once and reuse anywhere.
Key Features
User Orchestration
or Event Agent . .
| I C : y agentic framework, so you can use your current technology stack
( l 1 without replatforming.
ility: Every agent, tool, or workflow can be combined and repurposed, allowing developers to leverage
; . existing work in new scenarios.
Diagnostic Planning Reasoning d De 1t: Start with a pre-built agent, tool, or workflow, and customize it to your needs.
Agent Agent Agent

I—Fl {dentify Bottlenecks.

Acknowledgements : Monitor and debug your workflows with any OpenTelemetry-compatible observability tool.
We would like to thank the following open source projects that made AgentiQ possible: em: Validate and maintain accuracy of agentic workflows with built-in evaluation tools.
Documentation Coding User Interface: Use the AgentlQ Ul chat interface to interact with your agents, visualize output, and debug
Agent Agent workflows

Compatible with Model Context Protocol (MCP), allowing tools served by MCP Servers to

Tool i
oS be used as AgentlQ functions.

With AgentlQ, you can move quickly, experiment freely, and ensure reliability across all your agent-driven projects.

B,

Bug Database Documentation Code Repo RAG

<A NVIDIA. DEVELOPER



LLMOps Technical Stack — Building Agentic Al Systems

o ... . Y
'E @ g Applications + Experiences ( Flet TINGULAR gyt
g > 9
= \
<] c g <INVIDIA W9
b "5 3 - LLM Frameworks EE o NEMO LangChain
7 E g P
= T # Integration Vector DB Warehouse
0o o f T
o 0 . . PREFECT matillion . Jdb
@ > @2 Data Engineering @ ¢ Pinecone €} PostgreSQL A @ g
5 . - A . snowflake  databricks
% s (§ Informatica Data Factory e redis @ Chroma Fabric
| .
T o S
o % g ; Experiment Tracking Collaboration Workspaces
—_ < DOMIN
< ¢ ; . ‘\_”'\ D AOTA L AOB Amazon SageMaker A
Q ‘s, Data Science glkata miflow ’) git J VS Code
iku
G & =
E @'EAR‘ML Azure ML Weights & Biases =~ Ju pyter
g w0 =
0 © . <2 NVIDIA Azure Al <A NVIDIA
% ) _g Inferencing Dynamo A NIM °§> RAY {5} vLLM
C G
e 3 <nvioia  FUN:
\\y . . . L ]
g > GPU Virtualization MIGAGPU ai
@ =
2 . . <A NVIDIA
> g Container Orchestration > Ty kubetes 0
o: OPENSHIFT
o § ahe = <A NVIDIA
Q HERRTERY Hewlett Packard Cel | EC2
> o) Infrastructure cISCco Enterorise ||| DGX

PUBLIC




The Al Agent Platform Space Emerges

Prebuilt agents
(Business users)

Vertical agents:

Healthcare / government / financial
services / education, etc.

Business-function
specific agents:
Customer service / sales/HR/

service desk / marketing, etc. No-code

agent

builders
Task-specific agents:

Agentic analytics / cybersecurity /
coding / testing, etc.

General-productivity agents:
Personal assistant /research, etc.

Buy

o

No-code agent builders

(Citizen developers)

Business orchestration and
automation technologies
(including RPA)

Low-code application
platforms

Integration platforms

Conversational Al platforms

Decision intelligence
platforms

PUBLIC
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Agent development

platforms
(Developers)

Agent Frameworks
and Agent Stacks

Data Science &
Machine Learning
Platforms

Agent training platforms
(Al experts)

Simulation platforms
(including RL agent
training)

Build

K



THE 2024 MAD (MACHIME LEARNING, ARTIFICIAL INTELLIGENCE & DATA) LAMDSCAPE
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Everything Al. All in one place.

:(ﬁv Al ecosystem Generative Al Edge compute Foundational

N enablement and deep learning and Al inference 5& data capabilities

LLM Evaluation / Comparison Sizing of NVIDIA / HPA Clusters
“ | want to try an
NVIDIA DGX.

“ How do | size my
Al environment?

‘ ‘ Can | use my
existing storage
fabric? Digital Twin Designs Deep-fake Detection Research

“ How can | secure my
Al workload and

data?

High-Performance Architecture . .

(HPA) Options and Validation REELS/A mEtnee(e ogEs

Cloud / On-Prem Hybrid GenAl Proof-of-Concepts and Proof
Al Architecture Of Value — Project AIR

Thermal / Power Modeling Al Security & Risk Mitigation

High-performance compute - Storage for Al -+ Memory for Al -+ High-speed networking - Security and governance - Data pipelines
Testing frameworks - Cluster management - Version control < Deployment APl - LLM library - laaS vs. PaaS - Hybrid frameworks



Accelerate Al Success: Our Practical Approach

Simplifying the Al journey: Accelerate, Build and Scale with Purpose-Driven Impact

Al Studio Al Foundry Al Factory
Accelerate strategic use case Build modern software rapidly Scale Al infrastructure for
alignment and business results with powerful Al models speed and efficiency

Rapidly Achieve Business Impact with the Right Al Experiences

Business ROI Validation Center-of-Excellence Rapid Prototyping High-Performance Architecture Automation
Use Case Validation Workload Sizing Data Readiness Agentic Platforms Optimized Deployment
Operating Model Build Versus Buy Al Security SaaS Solutions Al Operations



Speed-to-Outcome with our Practical Al Approach

Rapidly demonstrate value while establishing a strategic foundation to scale impact

Practical Al

Buy where available, build as
appropriate. Adapt to business
and accelerate impact.

BUY

Off-the-shelf (OTS)
software integration A STUD/q

ate strateg;,
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Al Proving
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Speed
Lower Cost
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OVATION e 550\)“

Strategic approach that
prioritizes speed and ROI

BUILD
Highly customized app &
model development

Transformational
Competitive Differentiation
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